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(4) Logistic Regression, Softmax Function
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* Logistic Regression

« Softmax Regression (Multinominal Logistic Regression)



1o

N
>

x1



O|Z =R O ScHA0 St =25

. HBS 0T} 1A0]Q] ZS 7HZICH

» 1Lt BANMEHE] HE|= —coU[A oK

« —oo Of| A oo Z7EXK|S] HR|E 02} 1AIO[S| 242 H



Sigmoid

|:|0II
15

St SIS 7= e

©
Ln




EX|AE] 3724

1

Logistic H(x) = o A
e Z



EXAE =[] 25

o 2

D Test 200/0

File
Data Sample —
; ) Data

Train 80% Logistic Regression

Predictions

ered




=XAE = 2a

< Predictions
Info

Data: 441 instances.
Fredictors: 1
Task: Classification

Festore Criginal Order

Show

Predicted class
Predicted probabilities for:

no

yes

Draw distibution bars

Data View

Show full data set

10

11

12

13

Logistic Regression
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